TRACE: Your Diftusion Model is Secretly an Instance Edge Detector
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Problem & Solution Key Insight: Hidden Instance Priors Proving the Secret: State Of-the-Al‘t Segmentatlon Results
X Semantic similarity (DINO) merges instances. X Cross-Attention: Remains semantic and merges adjacent instances. XJ State-of-the-Art in both UIS/WPS using zero instance labels. &7 One-step Distillation (81x, 45ms/img)
TRACE separates them with hidden edges. () Self-Attention: Reveals instance-level structures at specific timesteps. oputs utbuts wio i 8 TRACE w/ SAM
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(a) Observatlon Instance Cues 1n lefusmn Models (b) TRACE: Extracting Instance Boundaries
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(a) Instance Edge Generation via Diffusion Forward x ABDIV ( Attention B oundary Dlvergence) COCO PQ (%)
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| ‘ (a) Qualitative Comparison of Weakly-supervised Panoptic Segmentation with TRACE (b) Quantiative Comparison of PQ
€O Only Diffusion Priors decouple instances; Non-diffusion models collapse into semantic blobs.
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£ (< 2 o Q T radltlonal detectors fail w1th textures, but TRACE extracts pure instance-aware boundaries.
Ev N GT Instance Mask HED PiDiNet DiffusionEdge
il | S— ~ e ey 7
. g¢ A
| Boundary-Guided Propagation
. (BGP)

M M;

Baseline (ProMerge

x | gt : i — :‘,_"_o_— O'.‘—-
.'T .x > 'T ( = f

Intersection

. A |
,l
~ Before Training 20% of Training 40% of Training v’ Self-Distillation Our Instance Edge Our Propagated Masks IoU = 0.53 > msgp




	슬라이드 1

